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Abstract:

It mainly introduces the design and implementation of fault—based fast demarcation and positioning system based on machine

learning—based log analysis in NFV scenarios. The system is based on big data analysis, artificial intelligence algorithm, cloud
computing infrastructure to build an intelligent maintenance platform, which contains the advantages of IT technology in the
field of CT operation and maintenance and inherits the knowledge accumulation of fault experience library and rules in the CT
operation and maintenance field, combines with alarm and performance indicator information, that can maximizes the rapid de—
marcation of fault root causes and rapid business recovery.
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