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Abstract:

The artificial intelligence platform is the basis for enterprises to establish artificial intelligence ecosystem. The development
status of the artificial intelligence platform of the global major telecom operators is described,and comparison analysis of dif—
ferent artificial intelligence platform is completed, including deep learning framework, data sources and application. Acumos
open source platform is taken as an example to study the platform architecture and methods of creating artificial intelligence
models in detail. Finally relevant ideas about the future of artificial intelligence open platform are given from the perspectives
of joining open source community and opening data resources.
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