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Abstract:

A method of constructing clinical decision—making system based on knowledge graph is proposed.Firstly, medical corpus is
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built by building standard data model and aggregating multi—-source data. Through expert path and medical textbooks, the
backbone of knowledge graph is established by referring to the two-layer structure of UMLS.The standard medical language
corpus is built by common data model,and at the same time gives the medical language processing tools and human-annota—
tion rules to broaden and modify the knowledge map. Based on this knowledge map, the intelligent inquiry path is established
to solve the interaction problem between doctors and assistant decision—making system.Through the above paths,the intelli-
gent CKD decision support model for primary doctors is established, which can guide the primary physicians work standardly
and regularly,,and guarantee CKD early detection and treatment.
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