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Abstract:

Scientific and objective evaluation of educational quality is an important demand of the current education industry. Artificial in—
telligence enabling all walks of life has become an inevitable trend of future social development. The scheme of artificial intelli—
gence for education quality assessment is introduced. The education quality assessment system combines big data with artifi—
cial intelligence technology. It uses various artificial intelligence algorithms to analyze the collected image, sound and text data
related to the teacher's teaching quality,and it can generate objective visual results for educational quality assessment.
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