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Abstract:

It proposes a bG alarm association analysis scheme in which the machine learning algorithm FP-Growth is improved and ap—
plied to fit the 5G network alarm scenario. Association analysis is carried out by using the real 5G network alarm data to mine
association rules in network function and cloud infrastructure alarms. Such alarm association rules help in network fault analy—
sis and location as well as alarm compression. In addition, it evaluates the performance of the two algorithms Apriori and FP-
Growth on the basis of real 5G network alarm data. The results show that the FP—Growth algorithm is more efficient than

Apriori,and is more suitable for alarm association analysis in massive data scenarios.
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