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Abstract:

Aiming at the micro—service scheduling problem in the computing power network scenario, considering the demand of micro—
services for network quality of service and the node energy consumption optimization problem, the energy—optimized micro-
service scheduling problem with service quality constraint in the computing power network scenario is studied. Firstly, it es—
tablishes an computing power network scheduling framework consisting of an computing first networking scheduling module,
an computing first networking scheduling execution module, and an computing first networking information table. Secondly,
based on this framework, considering node resource constraints and network service quality constraints, it establishes an en-
ergy—optimized micro—service scheduling model, and solves the micro—service scheduling problem by using a deep deter—
ministic policy gradient algorithm. At last, the effectiveness of the scheduling algorithm is demonstrated by simulation experi—
ments.

Keywords:

Micro-services; Energy optimization; Service layer protocols ; Computing power network
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