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Abstract:

In 5G era, communication operators face challenges such as complex network, diversified business and diversified customer

needs. The introduction of artificial intelligence technology by operators to achieve accurate perception of customers and pro-—
vide personalized services to customers on demand has become the key direction of digital transformation. It studies the con—
struction scheme of the customer's accurate perception system. The system can realize multi—-modal fusion of operator net-
work data, business data, voice, image and text data,and use graph neural network algorithm to build models and accurately
perceive and insight customers. In addition, it introduces a use case to reduce customer churn based on this system,and pro—
vides a new idea for the application of Al technology in the digital transformation of operators.
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