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Abstract:

It uses graph neural network method for traffic prediction of wireless network base stations. Firstly, a predefined network to—
pology map is constructed based on the geographic distance of the base station. Secondly, GCN is used to capture spatial de—
pendence between the base stations, and the results are input to the gated recurrent unit to capture temporal dependence
between the base stations. Finally, accurate predictions are made for the future traffic of the base stations at multiple times
through the fully connected layer. The model is validated using data from a base station of China Unicom in a certain city. Ex—
periments demonstrate that GCN+GRU model can reduce prediction errors compared to other mainstream prediction models,
and the model's prediction accuracy is significantly improved.
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