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Abstract:

In order to improve the service life of battery packs in scenarios such as base stations and computer rooms,and aiming at the
problem that the battery pack cannot be monitored and measured in real time when the battery pack is in a floating charge
state for a long time, the idea of transfer learning is used to establish a relationship between the charging and discharging data
of battery packs in the laboratory and the online floating charging data of battery packs in the current network, so as to predict
the capacity of each battery in the battery pack in the current network. Finally, the effectiveness of this method was verified
through experiments, which makes it possible to monitor the online battery capacity in real time.
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