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Abstract:

The birth of ChatGPT is an important node in the development of AIGC, which may enable AIGC to disrupt the traditional way
of content production and information acquisition. It introduces the development, technology and basic application of AIGC,
and introduces AIGC into the field of communication design. The specific application scenarios of AIGC in the field of commu-—
nication design are mainly discussed from the aspects of ChatGPT, intelligent communication design and intelligent network
support,and some ideas and suggestions are provided for the future AIGC enabling communication design field.
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