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Abstract:

In the communication design industry, there are millions of engineering drawings in the form of pictures, PDF, etc., and the
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number is increasing day by day. These drawings cannot be directly used for the digital promotion of design. Based on tech—
nologies such as object detection and semantic segmentation,a set of drawing recognition algorithms for machine room, tow—
er, and floor drawings are developed and formed products accordingly, which can generate vectorized information such as
equipment category, coordinates, dimensions, etc. in drawings. At the same time, an algorithm is developed to restore and
generate engineering CAD drawings using vectorized information. The whole system has opened up the whole process from
drawing recognition to drawing restoration,and realized the digitization of massive engineering drawings.
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