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Abstract:

In order to achieve better digital management of existing wireless network resources, it is usually necessary to complete its
digital twin with the help of 3D reconstruction technology. However,in the application scenario of antenna platform resources,
because of the diversity of types and the complexity of the environment, the method of simply using panoramic cameras for
3D modeling cannot be widely applied. With the rise of artificial intelligence technology,the 3D reconstruction of antenna plat—
form resources can be realized more accurately and quickly with the help of parameter identification instead of scanning. After
data collection and field experiments, the recognition algorithm combined with component assembly can well complete the
3D reconstruction task of antenna platform resources in the communication industry.
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