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Abstract:

It explores the utilization of large language model technology to develop an efficient intelligent question—answering system for
empowering enterprise internal government—enterprise marketing guidance scenarios.In terms of development technology,
the study adopts retrieval-augmented generation (RAG)technology, combines it with large model fine—tuning, intention rec—
ognition,and vector libraries to achieve a preliminary F1 score of 72.6% for question answering.By constructing a closed-loop
knowledge graph system, the F1 score for question answering is improved to 91%. Engineering—wise, the system perfor—
mance is enhanced through the vLLM large model acceleration mechanism, data security technology is employed to ensure
system safety,and the system's adaptability and scalability are improved through Application Programming Interface (API) and
microservices modular architecture.The system has been applied in industrial production.|t may help to accelerate the applica—
tion of large models in enterprises.
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