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Abstract:

The rapid development of Al smart computing technology drives the surge in demand for high—speed optical modules, and

tasks such as large—scale data processing, large model training and reasoning put forward unprecedentedly high requirements
for high—speed optical modules. A communication model is established by analyzing the distributed parallel computing
requirements for large model training, and quantitatively analyze the large model communication volume by taking GPT-3 as
an example. Due to the huge communication volume, the data communication time for completing large model training is
much higher than the parallel computing time. Therefore, under the premise of not losing computing performance, reducing
communication time becomes the core demand of Al computing on communication network, and adopting higher speed
optical module interconnection and improving effective bandwidth is the main way to solve the problem.The demand of Al
computing on high—speed optical module technology will be mainly embodied in the aspects of higher speed, larger scale,
high intensification,low power consumption, high stability,and manageable and controllable.
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