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Abstract:

The computational complexity of Al training has been increasing dramatically year by year, with the required intelligent
computing power growing from hundreds of millions of operations per second to tens of billions,and even reaching the level
of hundreds of billions, which promotes the construction of large—scale intelligent computing centers. These centers are
primarily built to meet the demand for intelligent computing power, and they differ significantly from traditional cloud resource
pools in terms of layout, construction, and maintenance solutions. The industry currently lacks unified recommendations and
references for the layout and detailed plans of intelligent computing centers. It analyzes the challenges of computing power,
storage, and networking demands brought by the development of large models, and proposes corresponding strategies and
suggestions for the layout of operators' intelligent computing, as well as computing power, storage, network, and
maintenance management.
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