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Graph is a nonlinear data structure based on entities and their relationships, widely existing in various fields such as social

networks, financial risk control, and life sciences. It introduces a full-process graph intelligent application development

platform. Based on the platform capability, the resource map of telecom operators' optical cable network is constructed and

the automatic link splicing application of optical cable network resources is developed. This platform provides development

tools for the application of graph technology, reduces the technical threshold of relevant research and development work of

enterprises,and can be used in different fields,including telecom operators.
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