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Abstract:

In order to improve the efficiency of thing model constructing in Industrial Internet platform, an intelligent generation

ELXFE, T (1. BEBFREARAT, LR 100032;2. HEBEARN

technology based on Large Language Models (LLM) and Retrieval-Augmented Generation (RAG) framework is proposed. At
first, the development background of Industrial Internet platforms, the current status and challenges of thing model
construction are introduced. Then the technical details of LLM+RAG-based intelligent model generation are elaborated,
Finally, taking the thing model of a large scale industrial forging equipment as an example, it demonstrates the application
effects of this technology on the Gewu Unilink Industrial Internet platform. The research indicates that this technology can
effectively improve the efficiency of model generation, providing robust support for the development of Industrial Internet
platforms.
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