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Abstract:

Amidst the new wave of artificial intelligence ignited by ChatGPT, technologies such as large language models, reasoning
models, multimodal language models, and diffusion models have achieved rapid development. The relevant large model
technologies have also extended from disembodied intelligence to embodied intelligence, accelerating the innovation of
generalist robots. It analyzes the development trends and opportunities of the generalist robots industry, reviews and
summarizes the progress in the four most important aspects for the generalist robots, namely the brain, cerebellum, data, and
the robot itself. Taking several important embodied models over the past two years as examples, it provides a detailed analysis
of the development course of technologies such as embodied foundation models, embodied reasoning models, and visual—
language—action models. Finally, it gives an outlook of the embodied intelligence technology development.
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