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Abstract:

In mobile networks, each cell has unique characteristics, and the capacity model trained in each cell can not be used in other

cells. In view of the above problems,a 5G cell capacity prediction scheme based on distributed learning is proposed. Based on
the framework of federated learning, the local training results of different cells are combined to complete the training of the
global model, so as to achieve the purpose of increasing the generalization ability of the model. At the same time, in order to
reduce the amount of calculation, a community clustering algorithm based on affine propagation clustering is proposed, and
the KPIs of different communities are normalized as the input of clustering, and the communities are divided into different
categories for model training, thereby reducing the number of local models and increasing the efficiency of overall training.
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