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Giga—MIMO serves as the core cornerstone for building 6G networks, yet it simultaneously faces numerous challenges that

are nearly insurmountable before the advent of native Al. The fundamental definition and core performance gains of Giga—

MIMO, along with the technical challenges it encounters, are introduced. Based on the global research progress, the critical

role of native Al in addressing these various technical challenges is summarized, as well as the corresponding fundamental

solutions.
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